This paper offers the first instrumental variables estimates of the wage returns to volunteer experience. The returns are substantial and differ considerably by gender. The results imply that the unequal valuation of volunteer experience by gender is more important in explaining the gender earnings gap than is the unequal valuation of part-time paid work experience. The results also indicate negative selection into unpaid work. In a simple model of optimal volunteering, negative selection implies that a lower cost of volunteering would produce both an expanded and higher-skilled pool of volunteers, and greater societal benefits from volunteer work.
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Working as a volunteer is a widespread social activity that has not been extensively studied by economists. In particular, there are very few studies that have credibly measured the future wage returns to volunteer experience. Individuals surely benefit from the "warm glow" associated with pro-social behavior when they volunteer. However, unpaid work might also enable one to accumulate human capital, expand networks and signal productive characteristics to employers. Hence, working for free may have substantial investment value and lead to higher wage offers in future paid work opportunities.
In this paper, we offer the first instrumental variables (IV) estimates of the wage returns to In order to explore possible mechanisms underlying the wage returns to volunteer experience for both men and women, we also examine data from the UK Citizenship Survey (UKCS).
The UKCS does not reveal strong descriptive evidence in favor of a human capital or networking explanation for the wage returns. Therefore, the source of the returns may be signaling. In addition, there is little evidence in the UKCS of considerable gender differences in the types of volunteering organizations, activities, motivations or sources of satisfaction that could help explain the differential returns by gender.
In order to give an economic interpretation to the OLS and IV estimates, we also formulate a simple model of optimal volunteering. The theory is linked to the empirical work by showing what OLS and IV are estimating according to the model. The model implies that when IV estimates exceed OLS estimates, a lower cost of engaging in unpaid work would lead to an expanded and higher-skilled pool of volunteers, and greater societal benefits from volunteer work. Thus, the model also helps place the estimation results in a broader policy context.
Rainfall, Volunteering and Income
In our IV approach, we use rainfall variation across the UK as an instrument. Rainfall has recently been linked to the cost of participating in outdoor activities. Examples include attendance at 4th of July celebrations, political rallies and riots (Collins and Margo (2007) ;
Madestam and Yanagizawa-Drott (2011); Madestam, Shoag, Veuger; Yanagizawa-Drott (2013)). Taking inspiration from these latter studies, we conjecture that rainfall also induces exogenous variation in the cost of volunteering. Greater expected rainfall is likely to lower the opportunity cost of volunteering, as alternative outdoor leisure activities become less attractive. This should increase the propensity to engage in unpaid work. However, more rainfall should have no direct effect on earnings after controlling for a detailed set of observables and individual fixed effects.
According to OLS estimates, the increase in mean annual earnings due to volunteer experience, in constant 1987 pounds sterling, is a very modest £394 for men and a negligible -£29 for women. However, fixed effects specifications yield higher and precisely estimated returns of £1,372 for men and £649 for women. IV estimates that exploit the rainfall instrument and incorporate individual fixed effects produce more substantial and still precisely estimated annual returns of £4,859 for men and £3,096 for women.
In all of our specifications, the estimated returns to volunteer experience for men exceed those for women. The larger returns for men account for up to 20.2% of the gender earnings gap. This is smaller than the corresponding contribution of full-time paid work experience (25.3%) but greater than the contribution of part-time paid work experience (8.4%). The implication is that an unequal valuation of volunteer experience by gender is relatively more important in explaining the gender earnings gap than is the unequal valuation of part-time paid work experience, and nearly as important as the unequal valuation of full-time paid work experience.
The rest of the paper is organized as follows. The next section formulates the model of optimal volunteering. Section 3 describes the data, reports OLS and fixed effects estimates, and expands upon the rainfall instrument. Section 4 outlines the IV estimation strategy.
Section 5 reports reduced-form and IV estimates. Section 6 decomposes the gender earnings gap, explores possible mechanisms underlying the wage returns, and the differential returns by gender, and discusses the broader implications of negative selection. Section 7 summarizes and concludes.
Model
The simple model of optimal volunteering is similar in spirit to the general model of training in Heckman, LaLonde and Smith (1999) , and builds on the model of credentials acquisition in Kugler and Sauer (2005) . It differs from a pure model of training or certification by incorporating simultaneous paid and unpaid work, and non-pecuniary benefits. The model helps interpret estimation results, establish identification, and place the results in a broader policy context.
Decision Problem
Suppose there is a continuum of workers of skill type η , where η is drawn from a distribution
. η is conceived of as a general skill that is applicable to both paid and unpaid work. Individuals live for two periods and have subjective discount rate r . In the first period, individuals work for pay and choose whether to volunteer. In the second period, individuals only work for pay.
Volunteer work in the first period generates non-pecuniary benefits referred to as warm glow (see Andreoni (1989) ). Let ! (η ) denote warm glow, where ! η can either increase or decrease with skill level. Volunteering in the first period also involves disutility of work effort and out-of-pocket costs. The disutility of work effort is equivalent to foregone leisure.
The out-of-pocket costs include commuting and childcare expenses. These latter costs are in addition to those incurred from having a paid job.
denote the monetary equivalent of additional foregone leisure and out-of-pocket costs when choosing to volunteer. These costs decrease with skill level, reflecting the assumption that higher-skilled individuals have differentially lower disutility of work effort and greater assets (less liquidity constrained).
Unpaid work may also have opportunity costs in terms of foregone earnings if it leads to less hours being devoted to paid work. In contrast to the disutility of work effort and out-ofpocket costs, foregone earnings increase with skill level since wages increase with η . Note that less hours devoted to paid work also implies less disutility of work effort, while adding a volunteer job implies more. Hence, ! should be interpreted as the net change in the disutility of work effort. It is the variation in the disutility of work effort, out-of-pocket costs and foregone earnings with skill level η that generates selection into volunteering.
Individuals seek to maximize lifetime income by choosing whether or not to volunteer in the first period. The value functions are
where V ! ! η , k = nv, v are the present discounted values of lifetime income in the nonvolunteering and volunteering options, respectively. w ! ! η , k = nv, v, t = 1,2, are the corresponding earnings in each option and time period 1 .
Individuals choose to volunteer when
Equation (3) states that volunteering is optimal when the discounted wage returns to volunteering plus warm glow exceed the costs of volunteering. The costs include the disutility of work effort, out-of-pocket expenses and foregone wages.
The decision rule can also be expressed in terms of the maximum ! that an individual of type η is willing to pay to volunteer. This is denoted by !"# η and is found by solving for
Individuals choose to volunteer when !"# η > ! and do not volunteer otherwise. For a given η, !"# η decreases with a smaller discounted wage premium and a larger first period wage loss. !"# η increases with the extent of warm glow.
Selection Into Volunteering
Selection into volunteering can be characterized by determining how !"# η varies with η.
Differentiating equation (4) with respect to η yields
1 Note that η might increase in period 2 to η' > η if there is skill acquisition in period 1. Modeling this process and taking into account possible differential skill acquisition between paid and unpaid work would not change anything of substance. This is also true for explicitly adding an unemployment option to the model.
As can be readily seen in equation (5), the sign of
is theoretically ambiguous. It depends on how the discounted wage premium, the first period wage loss and warm glow vary with skill level. If the signs and magnitudes of the derivatives on the right hand side are such that
> 0, then higher-skilled individuals are willing to pay more to volunteer, and there is positive selection into volunteering. In this case, individuals with η ∈ ( η, η * ) do not volunteer and individuals with η ∈ ( η * , η ) volunteer. η * is the point in the skill distribution where
< 0, then higher-skilled individuals are willing to pay less to volunteer, and there is negative selection into volunteering. In this latter case, individuals with η ∈ ( η, η * ) volunteer and individuals with η ∈ ( η * , η ) do not volunteer.
The type of selection into volunteering has important implications for the effects of policy interventions. Consider a policy aimed at encouraging volunteer work, say through a tax credit for childcare expenses incurred while volunteering. This corresponds in the model to a decrease in C ! . If there is positive selection into volunteering, a smaller C ! implies !"# η = C ! at a lower η * . Hence, more low-skilled individuals choose to become
volunteers. An expanded pool of volunteers increases societal benefits but the average quality of the volunteer pool, or the average quality of privately-provided social services, will be lower. Under negative selection, a decrease in C ! leads to !"# η = C ! at a higher η * and more high-skilled individuals enter the pool of volunteers. This means there will be an expanded pool of volunteers, a higher average quality of social services, and unambiguously greater societal benefits 2 . 
Identification
The term to the left of the equals sign in equation (6) is the difference in mean wages between volunteers and non-volunteers according to the model's selection rule. The first term after the equals sign is the mean return to volunteering amongst individuals who choose to volunteer.
It is the effect of treatment on the treated. The second term is the difference in mean nonvolunteer wages between those who select into volunteering and those who do not. This term is the selection bias. Clearly, OLS does not identify the causal effect of volunteer experience on mean wages.
In contrast to OLS, IV yields a regression-adjusted estimate of the local average treatment effect (LATE), which is a causal expression (Angrist, Imbens and Rubin (1996) ). In terms of the model, LATE is
where C′′ ! and C′ ! are exogenously high and low costs of volunteering, respectively. In the empirical work, the rainfall instrument serves as the exogenous cost shifter.
Assuming that the rainfall instrument is valid, and LATE yields a good approximation to the effect of treatment on the treated, i.e.,
the difference between IV and OLS estimates is the selection bias. If IV exceeds OLS, selection bias is negative, and according to the model, the least-skilled individuals choose to volunteer. The opposite holds true if OLS exceeds IV. Selection bias is positive and individuals who choose to volunteer are the highest-skilled.
Data
The individual level data are drawn from the British Household Panel Survey (BHPS Retirees, the long-term sick and disabled, and individuals who did not reply to the employment questions are excluded from the analysis. Men and women on paternity or maternity leave are kept in the sample as long as they provide information on usual employment status (part-time or full-time).
The exact wording of the volunteering question in the BHPS is, "We are interested in the things people do in their leisure time. I'm going to read out a list of some leisure activities.
Please look at the card and tell me how frequently you do each one...unpaid voluntary work."
The options on the card are, i) at least once a week, ii) at least once a month, iii) several times a year, iv) once a year or less and v) never/almost never.
In the regression analysis, a dummy variable is set equal to one if the individual reports having done any unpaid voluntary work in the current survey or any past survey, and zero otherwise. Devlin (1997,1998) define their volunteering dummy analogously in their cross-sectional Canadian data. This proxy for accumulated volunteer experience allows past volunteering to affect future earnings as in the theoretical model. We do not distinguish the number of years (greater than one) that an individual volunteers over the sample period.
Assigning an exact value for accumulated years of volunteer experience is impossible due to unobserved initial conditions and missing data during the sample period. Missing data during the sample period derives from temporary attrition as well as the fact that the volunteering questions are asked every two years. 3 The set of followed households was expanded in 1999 to include 1,500 additional households residing in Wales and 1,500 additional households living in Scotland. Further expansion took place in 2001 with the addition of 1,900 households residing in Northern Ireland. The BHPS was also augmented with 1,000 lowincome households interviewed between 1997 and 2001 as part of the European Community Household Panel.
Because there is relatively little information available on the volunteering outcomes of residents of Northern Ireland, they are eliminated from the sample. anomaly.
Descriptive Statistics
The differences in the characteristics of volunteers and non-volunteers by gender is shown in Table ( 2). The figures illustrate that both male and female volunteers are more educated, more likely to be employed in a paid job, have higher earnings and spousal income, are slightly older, more likely to be married and have older children than non-volunteers of the same gender 4 .
Male volunteers are more likely to be employed in full-time paid work while female volunteers are more likely to be employed in part-time paid work compared to non-volunteers of the same gender. Differences-in-differences estimates by characteristic show significant gender differentials between volunteers and non-volunteers in full-time paid employment, earnings and spousal income. These patterns are highly consistent with previous findings in the volunteer labor supply literature (see Menchik and Weisbrod (1987) ; Freeman (1997) ).
The distribution of accumulated volunteer experience by gender is displayed in the bottom panel of Table ( 2). The accumulation is highly inaccurate for the reasons mentioned earlier.
Nonetheless, it is useful for purely descriptive purposes and establishing bounds. The figures show that 59.9% of men never volunteered, compared to 55.4% of women. These are clearly upper bound figures due to the initial conditions and missing data problems. Amongst those who are observed to volunteer at least one year, 72.5% of men volunteered at least one or two years. The corresponding figure for women is 66.2%. Thus, there is no strong reason to believe that one particular gender is relatively more persistent in volunteering behavior. This implies that the definition of the volunteering dummy used in the regression analysis should not be problematic for inferring gender differences.
OLS and Fixed Effects Estimates
OLS and fixed effects estimates of the increase in mean annual earnings due to volunteer experience are reported in Table ( 3). In the OLS regressions, standard errors are heteroskedasticity-robust, and in the fixed effects regressions, standard errors are clustered at the individual level. This yields the largest standard errors amongst the various alternatives and is therefore the most conservative strategy from the viewpoint of statistical significance.
In order to minimize selection bias and the use of possibly distortionary non-linear transformations, we include zero earnings in the regressions for those without paid employment and focus on income levels rather than logs.
With year and region dummies included, OLS yields an estimated increase in annual earnings of £1,698 for men (column (1)). For the purpose of translating this level increase into percentage terms, we use a "treatment on the treated" percentage impact figure. The percentage impact is defined as the ratio of the coefficient on volunteering to predicted earnings. Predicted earnings is the fitted value of earnings amongst individuals that have volunteer experience (the treated) with the volunteering dummy counterfactually set to zero.
The resulting percentage impact corresponding to £1,698 is 15.7%.
Column (2) includes employment, education and ethnicity variables as well as other
covariates, such as the number of children, whether the individual is a student, spousal income, dummies for age, marital status, age of children, belonging to a union, being a professional/manager, working for a nonprofit organization, the size of the firm, and having use of a car. Adding these covariates reduces the estimated return to £394. The percentage impact is 2.4%.
Column ( (4)). The returns to volunteer experience in these specifications are precisely estimated.
The estimated returns for women, reported in columns (5) 
The Rainfall Instrument
Rainfall data have been used before, quite extensively, in studies of economic growth and (2013)). In the spirit of these latter studies, we conjecture that rainfall also induces exogenous variation in the cost of volunteering. Greater expected rainfall is likely to lower the opportunity cost of volunteering, as alternative outdoor leisure activities become less attractive. This should increase the propensity to engage in unpaid work. However, more rainfall should have no direct effect on earnings after controlling for a detailed set of observables and individual fixed effects.
There is indeed evidence that volunteering in the UK is mainly an indoor activity. From the volunteering websites do-it.org.uk and volunteering.co.uk, one can readily examine the range of volunteer job openings. While a few volunteer posts do involve outdoor work, for example serving as a summer camp counselor, the overwhelming majority of posts are associated with indoor work. Obvious examples include volunteering opportunities in museums and libraries.
In order to illustrate that there is also likely to be considerable variation in the proposed instrument, Figure (1) , obtained from the Met Office website, displays average yearly rainfall levels across the UK. In the south, the southeast (including London) and East Anglia, less than 700 millimeters of rain usually fall per year. In Essex, rainfall can be below 450 millimeters annually, which is less than the average annual rainfall in Jerusalem and Beirut.
The mountains of Wales, Scotland, the Pennines and the moors of southwest England are the wettest parts of the UK. As much as 4,500 millimeters of rain can fall annually in these areas, making them some of the wettest locations in all of Europe. The rainfall instrument for each individual is then defined as a three-year moving average of mean daily rainfall (previous, current and following year) in the person's LAD of residence.
The three-year moving average has both theoretical and practical appeal. On the theoretical level it allows for adaptive expectations and short memory. On the practical side, it smooths the rainfall data while still producing substantial variation in the instrument over time. 
Estimation Strategy
The estimation framework that we consider is a linear, constant-effects model that connects the annual earnings of individual i at time t, !" , with a proxy for volunteer experience, !" , a vector of individual characteristics, !" , an individual time-invariant effect, ! , and a random error component specific to individuals at time , є !" :
Equation (9) describes the earnings of individuals under alternative assignments of volunteer experience, controlling for any effects of !" and ! . !" it contains a large set of observables described earlier. u i captures unobserved time-invariant skill and preference characteristics while є !" ; it represents unobserved time-varying skill and preference shocks.
As equation (4) in the decision model makes explicit, !" is not randomly assigned. !" is likely to be correlated with є !" , even after controlling for !! and ! , due to time-varying shocks to η , or warm glow ! η . Therefore, OLS and fixed-effects estimates of equation (9) do not have a causal interpretation.
In IV estimation, the first-stage relationship between volunteer experience, !" , ! and the rainfall instrument, !" , is
The error term !" is defined as the residual from the population regression of !" on !" , ! and the instrument !" . This residual captures other factors that are correlated with volunteer experience and may be correlated with є !" , such as unobserved skill and warm glow preference shocks.
As mentioned earlier, the key identifying assumption is that rainfall affects the cost of volunteering but does not directly influence earnings, after controlling for !" and ! . IV
estimates have a causal interpretation as long as the association between rainfall and earnings is solely due to the association between rainfall and the decision to volunteer.
The main threat to identification in this context is that rainfall may directly affect earnings through the choice to work more hours in a paid job, rather than devote time to indoor volunteer work. To ameliorate this threat, we include flexible controls for hours of paid work. 
Estimation Results

Reduced-Form Estimates
Reduced-form estimates of the effect of rainfall are reported in Table ( Columns (1) and (3) show coefficients for the first stage described in equation (10) . Estimates of fixed effects linear probability models reveal that a higher three-year moving average of rainfall increases the probability of having volunteer experience amongst both men and women. This is consistent with the conjecture that rainfall decreases the opportunity cost of volunteering. The relationship between rainfall and the propensity to volunteer is relatively stronger for women than men. The F-statistics at the bottom of the table indicate that the instrument is quite strong for both genders. An additional test for weak instruments is performed below.
Columns (2) and (4) report reduced-form effects of the rainfall instrument on mean annual earnings. More rainfall is associated with higher mean earnings. The relationship is relatively stronger for men than women. The effect of rainfall on mean annual earnings is precisely estimated for both genders.
Instrumental Variables Estimates
IV estimates of the effect of volunteer experience on mean annual earnings are reported in Table ( 6) . Volunteer experience is instrumented with the three-year moving average of rainfall. Fixed effects are included as are the same set of time-varying controls described earlier in the context of the reduced form estimates.
The IV estimate of the returns to volunteer experience for men is £4,859 (column (1)). The effect is precisely estimated and implies a percentage impact of 45.5%. This is in contrast to the annual increase of £1,372, or percentage impact of 12.1%, produced by the corresponding fixed effects specification without the rainfall instrument (Table (3) ).
The IV estimate of the returns to volunteer experience for women is £3,096 (column (2)). The effect is also precisely estimated and implies a percentage impact of 38.3%. This contrasts with the annual increase of £649, or percentage impact of 14.1%, produced by the corresponding fixed effects specification in Table ( 3). Even though the returns to volunteer experience are now more substantial in magnitude for women, they are still smaller than for men.
It is important to note that the returns to volunteer experience that we estimate are the returns among individuals who would not have volunteered had the weather been different. That is, they are local average treatment effects. Individuals who are the most sensitive to rainfall (the cost of volunteering) contribute the most to the average causal response (see Angrist, Graddy;
Imbens (2000)). Therefore, the relatively large "treatment on the treated" percentage impacts are certainly plausible. The additional monetary costs incurred when an individual volunteers, e.g., additional childcare expenses, can be considerable. These latter annual costs are generally within the range of the increase in annual earnings that the IV estimates produce.
High marginal costs require sufficiently large returns in future paid work to make volunteer work economically viable.
Because we are identifying local average treatment effects, our estimates are also not directly comparable to the very few already existing estimates. Devlin (1997,1998 ) obtain returns to volunteer experience in Canada of 6.6%. By gender, the returns are 9% for men and zero for women. These estimates are not corrected for biases due to nonrandom selection.
However, they are roughly similar to our pooled OLS estimates.
Sauer (2012) estimates returns to volunteer experience for women in the US that amount to 8.2% in part-time work and 2.4% in full-time work. These latter estimates are corrected for nonrandom selection, but are derived from a discrete choice dynamic programming model and correspond to average treatment effects. Although these estimates are not directly comparable, there is now increasing evidence that the returns to volunteer experience are economically important.
In the context of estimating the wage returns to re-licensing as a physician in a new country, Kugler and Sauer (2005) employ a comparable empirical strategy to ours. Their IV estimates are also much larger than OLS estimates, and they calculate percentage impacts in a similar way. Their percentage impacts, which are also derived from local average treatment effects, range between 180% and 340%. The large percentage impacts are likely due to the high monetary and psychological costs of re-training for a medical license. 
Robustness Checks
Discussion
The Gender Earnings Gap
In order to assess the extent to which gender differences in the returns to volunteer experience contribute to the gender earnings gap, we compute the standard Blinder (1973) and Oaxaca (1973) 
where ! is mean earnings, β ! is a row vector of IV estimates, and ! is a column vector of sample means, for j=m,f (males and females, respectively).
The first term after the equals sign in (11), referred to as the endowments effect, is the part of the gender earnings gap attributable to differences in characteristics. The second term after the equals sign, referred to as the coefficients effect, is the part of the gap attributable to differences in the returns to those characteristics. 
Mechanisms
The decomposition results illustrate the importance of the differential returns to volunteer experience in explaining the gender earnings gap. However, they do not shed much light on why women receive lower returns to volunteer experience than men. In order to explore sources of the returns to volunteer experience, and possible reasons for gender differentials, we examine data from the UK Citizenship Survey (UKCS).
The repairs. However, this latter category is not a frequent one. Gender differences are negligible.
The bottom panel of the table shows that informal volunteering is more frequent than formal volunteering. But there are no substantial gender differences.
The top panel of Table ( These may also be productive characteristics that are attractive to employers. There is also little evidence in the UKCS that substantial differences exist in the types of volunteer organizations, activities, motivations or sources of satisfaction between genders that would help explain the gender differentials in the estimated returns to volunteer experience.
Negative Selection
The results in Tables (3) and (6) show that IV estimates of the returns to volunteer experience are consistently larger than in corresponding specifications estimated by OLS. This indicates negative selection into volunteering amongst both men and women. By negative selection, we mean that individuals who volunteer have lower intrinsic earnings potential (in the absence of volunteering) than those who do not.
The theoretical model of optimal volunteering presented earlier characterizes negative selection as a state in which those with intrinsic earnings potential η ∈ ( η, η * ) volunteer and those with η ∈ ( η * , η ) do not. Under negative selection,
< 0, or the maximum an individual is willing to pay to volunteer decreases with skill level. As equation (5) clearly illustrates, the sign of
depends on how the discounted wage premium, the monetary costs and warm-glow from volunteering vary with η . Since we find no empirical evidence of heterogeneous discounted wage premia,
< 0 may be due to the wage loss from volunteering increasing with η , or warm glow decreasing with η , or a combination of the two.
Within the context of the theoretical model, negative selection also has important implications for the predicted effects of policy interventions. This is especially relevant in the UK, where successive governments have been searching for ways to promote voluntary activities as part of a "Big Society" initiative. Consider a policy aimed at encouraging voluntary activity via a tax credit for childcare expenses incurred while volunteering. This translates into a decrease in C ! , which leads to !"# η = C ! at a higher η*. This implies that more highly-skilled individuals would enter the pool of volunteers. Thus, in addition to the expanded pool of volunteers, there would also be a higher average quality of social services flowing from increased voluntary activities.
It is interesting to note that a childcare tax credit might also lead to a narrowing of the gender earnings gap. This could occur if the tax credit had the effect of reducing C ! relatively more for women than for men. The increase in η*; would then be relatively greater for women, resulting in a composition effect that increased mean annual earnings for women by more than it increased mean annual earnings for men.
Conclusion
This study measures the future wage returns to volunteer experience. OLS estimates of the increase in mean annual earnings due to volunteer experience are £394 for men and -£29 for women. Fixed effects estimates yield higher estimated returns of £1,372 for men and £649 for women. IV estimates that include fixed effects and instrument volunteer experience with a three-year moving average of district level mean daily rainfall produce more substantial and precisely estimated returns of £4,895 and £3,096 for men and women, respectively. These latter estimates are local average treatment effects and should be interpreted as the returns amongst individuals who would not have volunteered had the weather been different.
In nearly all of our specifications men enjoy larger returns to volunteer experience than women. We show that the differentially larger returns for men account for up to 20.2% of the gender earnings gap. This lies between the contributions of the differential returns to parttime and full-time paid work experience (8.4% and 25.3%, respectively). The implication is that a more equal valuation of volunteer experience is relatively more important in closing the gender earnings gap than is a more equal valuation of part-time paid work experience. The unequal valuation of volunteer experience by gender is nearly as important as the unequal valuation of full-time paid work experience in explaining the gender earnings gap.
Analysis of an additional data set, the UK Citizenship Survey, suggests that the most likely source of the returns to volunteer experience for both men and women is signaling.
Volunteers appear to be individuals with social concerns that are motivated to help people and help correct perceived social problems. These may also be productive characteristics that are attractive to employers. The UKCS does not contain strong descriptive evidence of substantial differences in the types of volunteer organizations, activities, motivations or sources of satisfaction between genders that might explain the differential returns.
IV estimates that exceed OLS estimates of the returns to volunteer experience suggest that there is negative selection into volunteering for both genders. In order to give an economic interpretation to the OLS and IV estimates, we develop a simple model of optimal volunteering. According to the model, the negative selection that we empirically find implies that a reduction in the cost of volunteering would lead to an expanded and higher-skilled pool of volunteers, and greater societal benefits. Moreover, a reduction in the cost of volunteering could also help narrow the gender earnings gap. Note: Data from the UK Citizenship Survey. The question is, "Which of the following groups, clubs or organizations have you been involved with during the last 12 months? That's anything you've taken part in, supported, or that you've helped in any way, either on your own or with others. Please exclude giving money and anything that was a requirement of your job." Individuals can choose more than one option. Note: Data from the UK Citizenship Survey. The formal volunteering question is, "In the last 12 months, have you given unpaid help to any groups, clubs or organisations in any of the following ways?" The informal volunteering question is, "In the last 12 months have you done any of the following things, unpaid, for someone who was not a relative? This is any unpaid help you, as an individual, may have given to other people, that is apart from any help given through a group, club or organisation. This could be help for a friend, neighbour or someone else but not a relative." Individuals can choose more than one option. Note: Data from the UK Citizenship Survey. The motivation question is, "Thinking about all of the groups, clubs or organisations you have helped over the last 12 months did you start helping them for any of the reasons on this card." The satisfaction question is, "Thinking about the things that you do for all of the groups, clubs or organisations you have helped in the last year, would you tell me which of things on this card are most important to you." Only those who volunteer formally or informally respond. Individuals can choose more than one option.
